Linear type traits describing the skeletal characteristics of an animal are moderately to strongly genetically correlated with a range of other performance traits in cattle including feed intake, reproduction traits and carcass merit; thus, type traits could also provide useful insights into the morphological differences among animals underpinning phenotypic differences in these complex traits. The objective of the present study was to identify genomic regions associated with five subjectively scored skeletal linear traits, to determine if these associated regions are common in multiple beef and dairy breeds, and also to determine if these regions overlap with those proposed elsewhere to be associated with correlated performance traits. Analyses were carried out using linear mixed models on imputed whole genome sequence data separately in 1,444 Angus, 1,129 Hereford, 6,433 Charolais, 8,745 Limousin, 1,698 Simmental, and 4,494 Holstein-Friesian cattle, all scored for the linear type traits. There was, on average, 18 months difference in age at assessment of the beef versus the dairy animals. While the majority of the identified quantitative trait loci (QTL), and thus genes, were both trait-specific and breed-specific, a large-effect pleiotropic QTL on BTA6 containing the NCAPG and LCORL genes was associated with all skeletal traits in the Limousin population and with wither height in the Angus. Other than that, little overlap existed in detected QTLs for the skeletal type traits in the other breeds. Only two QTLs overlapped the beef and dairy breeds; both QTLs were located on BTA5 and were associated with height in both the Angus and the Holstein-Friesian, despite the difference in age at assessment. Several detected QTLs in the present study overlapped with QTLs documented elsewhere that are associated with carcass traits, feed intake, and calving difficulty. While most breeding programs select for the macro-traits like carcass weight, carcass conformation, and feed intake, the higher degree of granularity with selection on the individual linear type traits in a multi-trait index underpinning the macro-level goal traits, presents an opportunity to help resolve genetic antagonisms among morphological traits in the pursuit of the animal with optimum performance metrics.
INTRODUCTION
Linear type traits have been used in both beef and dairy cattle since the early 20th century to characterize the skeletal characteristics of an animal . These type traits have previously been identified as being moderately to strongly genetically correlated with a range of performance traits in cattle including feed intake (Veerkamp and Brotherstone, 1997; Crowley et al., 2011) , reproductive traits (Berry et al., 2004; Wall et al., 2005; Carthy et al., 2016) , carcass merit (Mukai et al., 1995; Berry et al., 2019) , animal value (Mc Hugh et al., 2010) , and health (Ring et al., 2018) . As type trait measurements are typically taken when an animal is young (Doyle et al., 2018) , they may be useful as early predictors of the correlated traits which are often measured later in life or after the animal is slaughtered. While type traits are also moderately to strongly correlated with live-weight (Mc Hugh et al., 2010; Berry et al., 2019) and carcass weight (Conroy et al., 2010) , none of these correlations are unity, implying that two animals with the same weight may be morphologically very different; for example, a tall animal with a short back may have the same (carcass) weight as a short animal with a long back. Therefore, including linear type traits in future genetic and genomic evaluations as part of a multi-trait evaluation including also the goal trait of interest may provide additional information over and above what could be gleaned from the goal trait alone.
While many genomic studies have been carried out on stature in both beef and dairy cattle (Pryce et al., 2011; Bolormaa et al., 2014) , few studies have been published on the underlying genomic features contributing to differences in other skeletal linear type traits in either beef (Vallée et al., 2016) or dairy (Cole et al., 2011; Wu et al., 2013; Sahana et al., 2015) cattle. No previous study has attempted to identify quantitative trait loci (QTL) associated with the skeletal traits in multiple breeds or to compare and contrast detected QTLs to previously identified QTLs associated with correlated complex phenotypes such as carcass merit, feed intake and efficiency, and calving performance. Therefore, the objective of the present study was to identify genomic regions associated with five subjectively scored skeletal linear traits to determine if these associated regions are common in multiple beef and dairy breeds and also to determine if these regions overlapped with previously identified QTLs associated with other correlated performance traits.
MATERIALS AND METHODS
Animal Care and Use Committee approval was not obtained for the present study as the data were obtained from the existing Irish Cattle Breeding Federation (ICBF) national database 1 .
Beef Phenotypes
Routine scoring of linear type traits is carried out on both registered and commercial beef herds by trained classifiers from the Irish Cattle Breeding Federation as part of the Irish national beef breeding program (Mc Hugh et al., 2010; Berry and Evans, 2014) . Five skeletal type traits scored on a scale of 1 to 10 on beef cattle describing the wither height (WH), back length (BL), chest depth (CD), chest width (CW), and hip width (HW) were included for analysis in the present study ( Supplementary  Table S1 ). Data on these linear type traits were available on 147,704 purebred Angus (AA), Charolais (CH), Hereford (HE), Limousin (LM), or Simmental (SI) beef cattle, all scored between the ages of 6 and 16 months between the years 2000 and 2016, with only one (i.e., the first) record per animal retained.
Animals were discarded from the dataset if the sire, dam, herd, or classifier was unknown. Only data from classifiers that scored ≥ 100 animals since the year 2000 were kept. Animals were also discarded from the dataset if the parity of the dam was unknown; parity of the dam was subsequently recoded into 1, 2, 3, 4, and ≥ 5. Contemporary group was defined as herd-by-scoring date generated separately per breed. Each contemporary group had to have at least five records. Following edits, data were available on 81,200 animals, aged between 6 and 16 months, consisting of 3, 356 AA, 31, 049 CH, 3, 004 HE, 35, 159 LM, and 8, 632 SI. 
Dairy Phenotypes
Scoring of linear type traits in the Irish dairy herd is undertaken by trained classifiers from the Irish Holstein-Friesian Association (Berry et al., 2004) . For the purpose of the present study, three skeletal linear type traits that closely align to one of the five beef skeletal traits were selected for analysis. These traits were stature (STA which is comparable to WH in beef), rump width (RW which is comparable to HW in beef), and chest width (CWD which is comparable to CW in beef). In dairy cattle, these traits were scored on a scale of 1 to 9 ( Supplementary Table S2 ) with the direction of scale the same as the comparable traits in the beef herd. Linear type trait information on 239,776 first parity cows was available between the years 2000 and 2016; only the first record per cow was retained.
Animals were discarded from the dataset if the sire, dam, herd, or classifier was unknown. Records were also discarded from the data set if scored after 10 months of lactation. Only data from classifiers that scored > 100 animals since the year 2000 were retained. Contemporary group was defined as herdby-scoring date and each contemporary group had to have at least five records. Following edits, data were available on 117,151 primiparous Holstein-Friesian cows (HF) aged between 23 and 42 months at scoring.
Generation of Adjusted Phenotypes
Prior to inclusion in the analysis, all beef cattle phenotypes were adjusted, within breed, in ASREML (Gilmour et al., 2009 ) using the model:
where y ijklm is the linear type trait, µ represents the population mean, HSD m is the fixed effect of herd-by-scoring date (m = 11,130 levels), Sex j is jth sex of the animal (male or female), AM k is the fixed effect of the age in months of the animal (k = 11 classes from 6 to 16 months), DP l is the fixed effect of the parity of the dam (l = 1, 2, 3, 4, and ≥5), animal i is the random additive effect of animal i, and e ijklm is the random residual effect. The adjusted phenotype was the raw phenotype less the fixed effect solutions of HSD, Sex, AM, and DP.
The dairy phenotypes were also adjusted in ASREML (Gilmour et al., 2009) using the model:
where y ijklm is the linear type trait, µ represents the population mean, HSD m is the fixed effect of herd-by-scoring date (m = 9,591 levels), AM j is the fixed effect of the age in months of the animal at scoring (j = 20 levels from 23 to 42 months), CM k is the fixed effect of the month of calving (k = 12 levels from 1 to 12), LS l if the fixed effect of the stage of lactation of the animals (l = 10 levels from 1 to 10 reflecting number of months of lactation), animal i is the random additive effect of animal i, and e ijklm is the random residual effect. The adjusted phenotype was the raw phenotype less the fixed effect solutions of HSD, AM, CM, and LS.
Genotype Data
Of the edited dataset of 81,200 beef animals and 117,151 dairy animals with linear type trait information, 23,943 animals from six breeds (1, 444 AA, 6, 433 CH, 1, 129 HE, 8, 745 LM, 1, 698 SI, and 4, 494 HF) also had genotype information available. These genotypes were imputed to whole genome sequence (WGS) as part of a larger dataset of 638,662 genotyped animals from multiple breeds as detailed by Purfield et al. (2019) . All 638,662 genotyped animals were genotyped using either the Bovine Illumina SNP50 (n = 5,808; 54,001 SNPs), the Illumina High Density (HD; n = 5,504; 777,972 SNPs), the Illumina 3k panel (n = 2,256, 2,900 SNPs), the Illumina LD genotyping panel (n = 15,107, 6,909 SNPs) or a bespoke genotype panel (IDB) developed in Ireland (Mullen et al., 2013) which was either on version 1 (n = 28,288; 17,137 SNPs), version 2 (n = 147,235; 18,004 SNPs) or version 3 (n = 434, 464; 53, 450 SNPs) . Each animal had a call rate ≥ 90%. Only autosomal SNPs, SNPs with a call rate ≥ 90% and those with a known chromosome and position on UMD 3.1 were retained for imputation. Imputation to HD was carried out on all genotyped animals using a two-step approach in FImpute2 with pedigree information (Sargolzaei et al., 2014) ; this involved imputing animals genotyped on the 3k, LD, or IDB panels to the Bovine SNP50 density and subsequently imputing all resulting genotypes (including the Bovine SNP50 genotypes) to HD using a multibreed reference population of 5,504 influential sires genotyped on the HD panel. Imputation to WGS was then undertaken using a reference population of 2,333 Bos Taurus animals of multiple breeds from Run6.0 of the 1000 Bulls Genomes Project by first phasing all 638,662 imputed HD genotypes using Eagle (version 2.3.2; Loh et al., 2016) and subsequently imputing to WGS using minimac3 (Das et al., 2016) .
Quality control edits were imposed on the imputed sequence genotypes within each of the six breeds separately; all SNPs with a minor allele frequency (MAF) ≤ 0.002 were removed and regions of poor WGS imputation accuracy, identified using 147,309 verified parent-progeny relationships as previously described by Purfield et al. (2019) , were then removed. Following all SNP edits, 16, 342, 970, 17, 733, 147, 16, 638, 022, 17, 803, 135, 17, 762, 681, and 15, 542, 919 autosomal SNPs remained for analysis in the AA, CH, HE, LM, SI and HF populations, respectively.
Association Analyses
The association analyses were performed, within each breed separately, using a mixed linear model in Genome-wide Complex Trait Analysis (GCTA) (Yang et al., 2011) . Autosomal SNPs from the original HD density panel (i.e., 734,159 SNPs) were used to construct the genomic relationship matrix (Yang et al., 2010) . The model used for the within-breed analysis was:
where y is a vector of preadjusted phenotypes, µ is the overall mean, x is the vector of imputed genotypes, b is the additive fixed effect of the candidate SNP to be tested for association, u ∼ N(0,Gσ 2 u ) is the vector of additive genetic effects, where G is the genomic relationship matrix calculated from the imputed HD SNP genotypes, and σ 2 u is the additive genetic variance, and e ∼ N(0,Iσ 2 e ) is the vector of random residual effects, with I representing the identity matrix and σ 2 e the residual variance.
QTL Detection, Gene Annotation, and Variance Explained
A significance threshold of p ≤ 1 × 10 −8 and a suggestive threshold of p ≤ 1 × 10 −5 was applied genome-wide for each SNP in each trait as per Wang et al. (2016) . Significant and/or suggestive SNPs that were within 500 kb of each other were classed as being within the same QTL. Genes within these QTLs were then identified using Ensembl 94 (Zerbino et al., 2017) on the UMD 3.1 bovine genome assembly. Cattle QTLdb 2 was used to identify if any of the QTLs identified within the present study had previously been associated with any other traits in beef or dairy cattle. To identify QTL regions that were suggestive in more than 1 breed, each chromosome was split into 1 kb genomic windows and windows containing suggestive SNPs (p ≤ 1 × 10 −5 ) were compared across the breeds. The proportion of genetic variance of a trait explained by a SNP was calculated as:
where p is the frequency of the minor allele,a is the allele substitution effect and σ 2 g is the genetic variance of the trait in question as calculated from the association analyses.
Meta-Analyses
Following the within breed analyses, meta-analyses were conducted for CD and BL across the five beef breeds and for WH, CW, and HW across all six breeds using the weighted Z-score method in METAL (Willer et al., 2010) . METAL uses the p-values and the direction of SNP effects from the individual analysis and weights the individual studies based on the sample size to calculate an overall Z-score:
where w is the square root of the sample size of the ith breed, and z is the z-score for the ith breed calculated as z i = φ (−1) (1 − P i /2) i , where is the cumulative distribution function, and P i and i are the P-value and direction of effect for breed i, respectively.
Enrichment Analyses
Enrichment analysis was carried out among all suggestive and significant SNPs within each trait and each breed separately to estimate if the number of SNPs in each annotation class was greater than what would be expected by chance (Bouwman et al., 2018) :
where a is the number of suggestive and/or significant SNPs in the annotation class of interest, b is the total number of suggestive and/or significant SNPs that were associated, c is the total number of SNPs in the annotation class in the association analysis, and d is the overall number of SNPs included in the association analysis.
RESULTS
The scale of measurement, number of records, mean, and standard deviation of the linear type traits in each breed is in the Supplementary Tables S1, S2. The average age of the beef cattle at measurement was 10 months, while the average age of the dairy cows was 28 months; hence there was, on average, an 18-month difference in age at classification between the dairy and beef populations. Significant (p ≤ 1 × 10 −8 ) and/or suggestive (p ≤ 1 × 10 −5 ) SNPs were detected for all of the traits in all six breeds; however, the exact locations of these SNPS, and the direction of the effects of these SNPs, differed by breed.
Wither Height/Stature
No 1 kb genomic window associated with height was common to all six breeds. There was, however, some overlap in suggestive 1 kb windows between the AA and LM where 79 suggestive windows located on BTA6 were common to both breeds (Supplementary Figure S1 ). Six genes were identified within these windows on BTA6 including NCAPG and LCORL. There were also two suggestive 1 kb windows located at approximately 94.9 Mb on BTA5 common to both the AA and HF. The strongest associations in both the AA and LM were intergenic variants located in QTLs surrounding the NCAPG and LCORL genes on BTA6 ( Table 1 and Supplementary Figure S2 ) and accounted for 0.6 and 0.04% of the genetic variation in WH in the AA and LM, respectively. Five intronic variants and three downstream gene variants located within the LCORL gene, and 12 intronic variants located within the NCAPG gene, were suggestively associated in the AA (p < 9.18 × 10 −6 ) and significantly associated in the LM (p < 1.29 × 10 −12 ). Interestingly, the positive (i.e., taller) allele of these SNPs occurred at similar frequencies (0.08-0.09) in both the AA and LM and had a similar effect size in both breeds. In comparison, while these SNPs were segregating in both the HE and HF, and had similar allele frequencies in the HE as in the AA and LM, none of these SNPs were near significance in either the HE (p > 0.11) or HF (p > 0.88). However, a suggestive association was detected 21 Mb further upstream of LCORL on BTA6 in the HF where the strongest association within this QTL, rs209851496 (p = 1.94 × 10 −6 ), was located 1kb upstream of the CHRNA9 gene.
Of the 514 SNPs that were suggestively associated with stature in the HF, 281 were located on BTA5. Both the AA and HF had suggestive associations on this autosome; two intergenic SNPs, rs798298008 (AA) and rs475950607 (HF), located just 17 bp apart and 63 Kb from the PTPRO gene, were associated with WH in these breeds. The strongest associations in the remaining breeds were all intergenic SNPs, although their location differed by chromosome; the strongest association in the CH was on BTA2 in a 1 Mb QTL containing MSTN; the strongest association in the HE was in BTA7, with the strongest association for the SI located on BTA12.
There were 1,055 suggestive and 36 significant SNPs associated with WH in the meta-analysis ( Supplementary Table S3 ). A single QTL on BTA15 containing multiple plausible candidate genes, such as ALKBH8 and RAB39A, was the only QTL identified that had not previously been associated with WH in any of the within-breed analyses.
Chest Width
The window-based analyses revealed no 1 kb genomic region suggestively associated with CW in more than one breed (Supplementary Figure S1 ). Similar to WH, BTA6 harbored the strongest QTL association with CW in the LM. This QTL, which also encompassed the NCAPG/LCORL complex, contained 34 suggestively associated SNPs, of which the strongest (rs110194711) was in the MEPE gene. A similar genomic region on BTA6 was also associated with CW in the HE, suggesting that the QTL region on BTA6 may harbor an across-breed pleiotropic association since it was also associated with WH in the AA and LM. Although four of the 6 breeds (AA, CH, HE, and HF) had QTLs on BTA10 suggestively associated with CW ( Table 2 and Supplementary Figure S3 ), these all differed in their location across the chromosome which may suggest that BTA10 contains multiple genomic regions influencing CW.
The meta-analysis of all 23,943 animals failed to identify a genomic region significantly associated with CW, but 170 SNPs were suggestively associated ( Supplementary Table S3 ). The majority of these associations were singular SNPs, although peaks of suggestive association were detected on BTA1, BTA2, BTA8, BTA16, and BTA19.
Hip Width/Rump Width
There were no 1 kb suggestive windows common to any of the breeds associated with width of hips. The QTL on BTA6 surrounding the NCAPG and LCORL genes was again significant in the LM although it failed to reach significance in the remaining TABLE 1 | The location of the most significant QTLs, limited to the top 5, which were associated with wither height or stature, and the genes located within these QTLs within each breed.
No of suggestive and significant SNPs
Most significant SNP Figure S4 ). Of the 222 SNPs suggestively associated with HW in the HE population, 52% were located in a QTL on BTA4 surrounding the CLEC5A gene. Although MSTN may have been expected to influence HW in the CH, the QTL on BTA2 associated with HW was located much further down-stream, between 30.21 and 31.26 Mb (Table 3) . Several plausible candidate genes were located within this QTL on BTA2 including multiple voltage−gated sodium−channel genes, TTC21B, and CSRNP3; nonetheless only 0.07% of the genetic variation in HW was explained by the strongest association within this QTL. In the HF, the most significant SNP associated with RW was an intergenic SNP, rs382714953 (2.03 × 10 −7 ), located on BTA20.
In comparison to WH and CW, the lead variant within the top five QTLs associated with HW in the AA, CH, HE and SI breeds was near fixation ( Table 3) . All of the lead variants in the top five QTLs in the SI breed were close to the fixation for the positive (i.e., wider) allele in the SI and fixed for the negative (i.e., narrower) allele in the HE. In contrast, the frequency of the positive alleles for each of the lead variants identified in the LM population ranged from low to moderate.
In the meta-analysis of HW and RW, suggestively associated QTL were located on BTA11, BTA15, BTA18, and BTA23 ( Supplementary Table S3 ); none of these QTL had been previously identified in the individual breed analyses but they contained multiple possible candidate genes including FKBP1P, CDH13, HSPB1, DNAAF1, and PSMB9.
Back Length
The window-based analyses revealed that no 1kb genomic region was suggestively associated with BL in all breeds, but 40 1 kb windows on BTA6 surrounding the NCAPG and LCORL genes were suggestively associated with BL in both the AA and LM (Supplementary Figure S1) . In total, 96 SNPs within a QTL spanning from 37.9 to 40.4 Mb on BTA6 were suggestively associated with BL in the AA, of which 12 SNPs were either intronic SNPs, or downstream or upstream variants of the NCAPG and LCORL genes. In the LM, the most strongly associated SNP, rs110343895 (p = 4.24 × 10 −13 ), was an intronic SNP located within NCAPG ( Table 4 and Supplementary Figure S5 ). In total, seven SNPs located within the NCAPG gene and 15 SNPs within the LCORL gene were suggestively associated with BL in the LM. Of the 33 potentially disruptive variants within the NCAPG and LCORL complex that were tested for association, six were segregating in the LM population but none were significant. LM animals that had at least one copy of the minor allele for the top three associated SNPs, rs465117501, rs378370406 or rs110343895, within the NCAPG and LCORL complex had a longer back, 0.37 (SE = 0.18) units longer on average, than those with two copies of the major allele.
A QTL on BTA2 was significantly associated with BL in the CH; this QTL stretched 10 Mb and contained 1,765 significant and 3,760 suggestive SNPs (Table 4) . Fifty significant and 12 suggestive SNPs within this QTL were located within the MSTN gene; these SNPs included the well-known Q204X stop-gain mutation, rs110344317 (p = 2.01 × 10 −35 ). When Q204X was forced into the model as a fixed effect, the most significant of the remaining SNPs on BTA2 generally reduced in significance relative to when Q204X was not included in the model. The most significant SNP on BTA2 after accounting for the variability in the Q204X genotype was rs41638272, an intergenic SNP located 15 kb from the SLC40A1 gene. The QTL associated with BL also overlapped the QTL on BTA2 associated with WH suggesting this QTL may play a major role in affecting the morphology of an animal. No other significant associations with BL were identified in any of the remaining beef breeds.
In the meta-analysis of BL, significantly associated QTLs were identified on BTA2 and BTA6, similar to what was identified in the CH and LM breeds, respectively ( Supplementary Table S3 ). Other QTLs on BTA12 and BTA13 were also associated with BL; the QTL on BTA13 contained numerous possible candidate genes including DNTTIP1, TNNC2, PLTP, and CDH22 while no obvious candidate genes were identified on BTA12.
Chest Depth
No suggestive or significant 1kb window associated with CD was common to more than one breed (Supplementary Figure S1) . Only a single QTL on BTA6 containing the NCAPG and LCORL genes in LM was significantly associated with any of the breeds for CD ( Table 5 and Supplementary Figure S6 ), suggesting that CD has a highly polygenic architecture in the beef breeds. Four of the five lead variants identified within the top five QTLs associated with CD in the AA were near fixation for the negative (i.e., narrower) allele while four of the five lead variants associated in the SI were close to fixation for the positive (i.e., deeper) allele. Only 90 SNPs were suggestively associated with CD in the CH, of which 19 were located on BTA10, but the proportion of genetic variance accounted for by the strongest association on this autosome was minimal (0.001%).
In the meta-analysis, three SNPs were identified to be significantly associated with CD while 249 SNPs were suggestively associated. Three QTLs associated with CD in the meta-analysis were not significant in any of the single breed analyses and were located on BTA1, BTA5, and BTA13 ( Supplementary Table S3 and Supplementary Figure S7 ).
Across Trait Overlap
Quantitative trait loci associated with two or more skeletal traits were identified within each breed (Supplementary Figures S3,  S8) . The NCAPG and LCORL genes were identified as pleiotropic genes associated with all five traits in the LM breed and with both WH and BL in the AA breed. There were also suggestive genomic windows in common between CW and HW in the AA with five windows on BTA4 and a single window on BTA8 being common to both of these traits. These five windows on BTA4 contained six SNPs that were suggestively associated with both CW and HW; all six of these SNPs were intronic SNPs located within the ENSBTAG00000008032 gene. No gene was located within the 1kb window on BTA8.
A greater overlap in QTLs associated with both WH and BL was identified in the CH and HE. Ten 1 kb windows were associated with both WH and BL in the CH, nine of which were located on BTA28. Eight 1 kb windows overlapped between WH and BL in the HE with 6 windows located on BTA23 encompassing the GMDS gene. Further overlap among traits was identified in the CH breed where three windows on BTA9 and three windows on BTA19 were associated with both WH and CW. The SI breed had the fewest number of pleiotropic associations of all beef breeds, as only one window on BTA12 near the SPRY2 gene was suggestively associated with both WH and BL. The only overlap in associated QTLs between the beef and dairy breeds was in WH/Stature between the AA and HF. These breeds had two overlapping 1 kb windows on BTA5 but no obvious candidate genes were identified in this region.
Enrichment of SNPs
Intergenic SNPs were the most common annotation class of SNPs associated with each trait in each breed. This annotation class was enriched for all traits in the HE, four traits in the LM (WH, BL, CD, and HW), three traits in the SI (WH, CW, and CD) and AA (WH, BL, and HW), and two in both the CH (WH and BL) and HF (CWD and RW; Table 6 ). The second most common annotation was the intronic SNPs; this class was enriched for three traits in the AA (CW, CD, and HW) and CH (BL, CW, and HW) and two traits in the SI (BL and HW). Downstream gene variants were enriched in all breeds for CW and at least one breed for all the remaining traits ( Table 6) . Stop-gain SNPs that were significantly associated with BL were enriched in all breeds in which they were associated.
DISCUSSION
Several QTLs were discovered in the present study to be associated with each of the skeletal type traits although the majority of these regions, excluding the NCAPG/LCORL locus in the LM population, were unique to a single trait or a single breed. This indicates the existence of breed-specific and trait-specific QTL for skeletal traits, which has implications for the usefulness of such QTL in across-breed genomic evaluations where only purebreds are used. Previous studies have documented both across-breed and breed-specific QTL associated with carcass traits, birth weight, weaning weight, and mature weight (Saatchi et al., 2014b) , as well as dry matter intake, growth and feed efficiency (Saatchi et al., 2014a) , carcass traits (Purfield et al., 2019) , and muscular type traits (Doyle et al., 2020) in beef cattle. Excluding stature (Bouwman et al., 2018) , the present study is the first published genome study on the skeletal linear type traits in beef cattle using imputed sequence data and is one of few genome-based studies comparing QTLs across multiple breeds of cattle. The present study, however, also incorporated imputed genome sequence information on 4,494 dairy cattle to compare to the beef animals. This comparison is rarely carried out (Purfield et al., 2015) as such multi-breed data are not always readily available for incorporation into the same study. Nonetheless, the difference in age at classification between the beef and dairy animals varied substantially with the beef animals all being < 16 months and the dairy animals > 23 months when assessed. Previous heritability estimates of the linear type traits assessed in the dairy cows were all ≥ 0.26 (Berry et al., 2004) indicating these traits are expected to be moderately to highly repeatable over time. This was substantiated by the fact that some common QTL were detected for Angus and Holstein-Friesian. An earlier study on the beef cattle population from the dataset used in the present study (Doyle et al., 2018) summarized the heritability estimates of, and genetic correlations among, the skeletal type traits in each breed. In general, the genetic variance within each trait and the correlations between each trait differed by breed indicating that breed-specific and trait-specific QTL may be underlying these traits. Similarities were observed between the CH and LM in terms of heritability estimates and genetic correlations (Doyle et al., 2018) ; from this it was theorized that the genetic architecture of these breeds may be quite similar. The present study is an advanced version of this study (Doyle et al., 2018) where the contributors to the genetic variation within and across breeds have been identified.
Type traits have previously been proposed as potential early predictors of carcass weight and conformation (Conroy et al., 2010) and of overall carcass merit given the genetic correlations between these traits and linear type traits are generally moderate to strong. However, as these correlations are not unity, two animals with the same liveweight may be morphologically very different which may lead to very different carcass value owing to the distribution of primal cuts . Therefore, type traits may be useful in future multi-trait genetic and genomic evaluations as they provide more information than live-weight alone. Consequently, knowledge of the QTLs associated with the skeletal traits could be used in these genome-based evaluations as part of a multi-trait evaluation targeting the altering of the morphology of an animal to increase the output of the goal trait (high quality primal cuts) thus improving the profitability of the farm system.
In total, over 90% of the QTLs identified in the present study have been previously documented to be associated with other production traits in beef or dairy cattle when compared to those within the Cattle QTLdb database (Accessed 08 January 2019). Of the top 140 QTLs associated with the skeletal type traits (Tables 2-6), 80 of these had previously been identified as being associated with body weight at either birth (Lu et al., 2013) , as a yearling (Snelling et al., 2010) , as a weanling (Saatchi et al., 2014b) , at slaughter (Sherman et al., 2008) , or at maturity (Saatchi et al., 2014b) . Furthermore, some of the top 140 QTLs were also previously associated with carcass weight (McClure et al., 2010; Saatchi et al., 2014a) and residual feed intake (Nkrumah et al., 2007; Lu et al., 2013; Saatchi et al., 2014a) in cattle. Nineteen QTLs identified in the present study have also been identified previously as being associated with linear type traits describing the muscular characteristics of cattle (Doyle et al., 2020) .
Across-Breed Comparison
With the exception of the NCAPG and LCORL genes, the majority of QTLs associated with the skeletal type traits were breedspecific and in many cases, also trait specific. The differences observed in associated QTLs among the breeds may be due to epistatic or gene-by-environment interactions, or simply Frontiers in Genetics | www.frontiersin.org due to differences in the power to detect significance due to the large differences in population sizes among the breeds (Saatchi et al., 2014b) . The age difference between the dairy and beef animals when classified may also have contributed to some of the inconsistencies in discovered QTL between the dairy and beef cattle. In many cases, the SNPs detected to associate with a trait in one breed were not segregating in all five breeds. Observed differences in detected QTL among the breeds may also be due to limitations in imputation where the imputed genotypes may not be perfect; this may result in the causal SNP not being identified as the most significant association especially if that SNP is rare in the populations (Bouwman et al., 2018) .
Both NCAPG and LCORL are widely accepted as being associated with stature in many mammals including cattle (Bouwman et al., 2018) , humans (Gudbjartsson et al., 2008) , and horses (Tetens et al., 2013) ; therefore it was not unexpected that these genes were associated with all the skeletal traits in the LM population and with BL and WH in the AA. The NCAPG and LCORL genes have also been previously linked to growth and carcass traits in the SI (Zhang et al., 2018) , carcass weight in the AA, CH, and LM (Purfield et al., 2019) , and with both feed intake and body weight gain in a population containing 14 different breeds of cattle (Lindholm-Perry et al., 2011) . Interestingly, the QTL containing NCAPG and LCORL was not associated with any of the skeletal traits evaluated in the SI or HF even though SNPs within these regions were segregating in both breeds. Although imputed sequence variants were used, we were unable to identify which of the two genes is causal; indeed none of the segregating missense variants within either gene were suggestively associated with any trait. However, a previous study that associated LCORL with growth and carcass traits in cattle, proposed that it is the non-coding and regulatory expression of LCORL that influences a trait (Han et al., 2017) . This theory is further substantiated by the significant over-representation of the intergenic variant SNP class within the present study which suggests that it is the regulatory expression of many genes that influence animal morphology rather than the causative disruption of gene functionality.
Carcass Traits
Some skeletal linear type traits in beef cattle are moderately genetically correlated with carcass traits including carcass cut weights (Pabiou et al., 2012) , primal cut yields , and rib and subcutaneous fat thickness (Mukai et al., 1995) . Thus, it is not surprising that there was overlap among some of the QTLs associated with linear type traits in the present study with those previously reported for carcass traits. Across all breeds and traits, there were 22 QTLs associated with the skeletal type traits in the present study that have been previously associated with carcass weight (McClure et al., 2010; Nishimura et al., 2012; Sharma et al., 2014) . Twelve of these QTLs were located on BTA6 and incorporated the NCAPG and LCORL genes. Interestingly, the NCAPG and LCORL genes, while being associated with size have also been associated with subcutaneous fat thickness in beef cattle (Lindholm-Perry et al., 2011) . More overlap among the QTLs associated with the skeletal type traits and fat thickness was on BTA2, where a QTL containing MSTN which was associated with BL and WH in the CH has also been documented to be associated with fat thickness at the 12th rib (Casas et al., 1998) .
In general, if an allele was associated with a wider or longer skeletal type trait, it also had the same effect direction on the other traits, i.e., if an allele was associated with wider CW it tended to be associated with deeper CD and vice versa. Interestingly, this was not always the case for the alleles associated with WH and BL indicating that some alleles associated with taller WH were associated with shorter BL; thus, the correlation between these two traits (Doyle et al., 2018) could be broken leading to a morphologically different animal. The knowledge of SNPs and QTLs that influence one or more traits of interest (e.g., a longer back but with better muscling) would enable the selection for the desired trait combinations despite any genetic antagonisms. Furthermore, including traits such as WH and BL in a multi-trait genetic evaluation for terminal beef cattle, along with the other trait of interests (e.g., carcass weight, carcass conformation, and carcass fat) would provide more information on an animal's carcass and conformation than what is possible from the carcass traits alone.
Feed Intake and Efficiency
Feed intake is both genetically and phenotypically correlated with body weight and average daily gain (Arthur et al., 2001; Crowley et al., 2010) ; on average, bigger, heavier cattle tend to eat more. Feed is generally the greatest cost associated with beef production (Montano-Bermudez et al., 1990) ; thus, improvements in the efficiency of which feed is utilized should contribute to greater economic returns in the whole beef production system (Archer et al., 1999) . Difficulty in selection for feed efficiency is mainly due to a lack of genetic evaluations for feed intake; data are generally readily available for the energy sink components of feed efficiency and thus selection for feed efficiency is being hindered by data on feed intake (or correlated traits). Feed intake is linked to the morphology of an animal (Crowley et al., 2011) . While genomic evaluations for feed intake could be useful, the reference population required to generate accurate genomic evaluations are few. Having knowledge of potential QTLs associated with feed intake, discovered using much larger datasets on correlated traits (i.e., the present study), could be used as prior information in such genomic evaluations (MacLeod et al., 2016) ; the correlated traits could also be considered in a multi-trait genomic evaluation.
Among the QTLs associated with at least one of the skeletal type traits, 51 QTLs were previously identified as being associated with feed intake (Nkrumah et al., 2007; Sherman et al., 2010; Lindholm-Perry et al., 2011; Lu et al., 2013; Saatchi et al., 2014a) while 80 were previously identified as being associated with body weight at various stages of the animal's life (Sherman et al., 2008; Snelling et al., 2010; Saatchi et al., 2014a) and body weight gain (Snelling et al., 2010) . Given the generally small dataset sizes used in genomic analyses of feed intake traits, the QTL detected from the present study could actually be used as prior information in Bayesian-type analyses for genomic analyses (including genomic predictions) for traits like feed intake where the dataset size is limiting; such an approach could be deployed using models similar to those proposed by MacLeod et al. (2016) .
Calving Difficulty
The difficulty or ease of calving has long been thought to be related to the conformation of the dam (Ali et al., 1984) and the size of the calf (Sieber et al., 1989) . Cows with wider hips and long rumps generally have larger internal pelvic openings which in turn lead to an easier calving; cows with smaller pelvic areas have more difficulty calving (Ali et al., 1984) . Moreover, bigger, heavier calves are often more difficult to calve than their smaller, lighter counterparts (Sieber et al., 1989) . It is, therefore, no surprise that 58 QTLs associated with the skeletal (i.e., size) type traits have previously been documented to be associated with calving difficulty in cattle (Purfield et al., 2015; Sahana et al., 2015) . Seven of these 58 QTLs were associated with HW or RW in the present study; these QTLs were located on BTA1 in AA, BTA14 in HE, BTA6, BTA13, and BTA21 in LM, BTA10 in SI, and BTA1 in HF. None of the lead SNPs in these QTLs were segregating in all six breeds and a number of the lead SNPs were close to fixation for either the positive (i.e., wider hips) or negative (i.e., narrower hips) allele depending on the breed. Knowledge of the underlying quantitative trait variant associated with different morphological characteristics facilitates the development of more precise mating advice systems, over and above consideration of the holistic calving difficulty estimate breeding values based on genome-wide quantitative trait variants. For example, the choice of mate for a female with a genetic predisposition for a wide pelvic area is likely to differ from that of a female with a narrower pelvic area; knowledge of genetic merit of the mate for different skeletal characteristics, even with the same estimated breeding value for calving difficulty, should be exploited in the decision.
Omnigenic Model of Complex Traits
It has long been hypothesized that many genes, each with a small effect size, underlie complex traits that do not exhibit simple Mendelian inheritance (Fisher, 1918) . In recent years, and with the advancement of genomic technology, many studies have reported that even the most significant loci across the genome associated with a trait have small effect sizes and only explain a small percentage of the predicted genetic variance (Wood et al., 2014; Boyle et al., 2017) . The term omnigenic has been used to describe the phenomenon whereby a very large number of genes with seemingly no relevance to the trait of interest are associated with that trait due to being in the same regulatory networks as the relevant genes (Boyle et al., 2017) . The results of the individual genome-based analyses in the present study, where many SNPs of small effect, often located within regulatory regions were associated with each trait within each breed, confirms that a complex omnigenic genetic architecture underlies the skeletal type traits in the six cattle breeds.
Despite millions of SNPs being tested for associations with each of the skeletal traits investigated, only 140 of the SNPs suggestively or significantly associated with a trait were located within the coding regions of the genome. The majority (i.e., 57.2%) of SNPs associated with any trait were intergenic SNPs; the number of intergenic SNPs and also 3 UTR and 5 UTR variants were enriched for the majority of traits they were associated with in each breed, demonstrating the importance of regulatory networks within the genome to the cattle skeletal traits. Inference could also be drawn, therefore, on the contribution of regulatory regions to the correlated traits like carcass merit and feed intake. Downstream and upstream gene variants were also enriched in many of the traits. In general, the SNPs located within, or close to, the genes identified as candidate genes were located within these noncoding or regulatory regions. For example, 22 SNPs that were suggestively or significantly associated with WH in the LM were located within the LCORL/NCAPG gene; 19 of these were intronic variants and three were downstream gene variants. Thus regulatory non-coding regions, while not having an effect on the coding sequence of a gene, may be of particular importance for cattle skeletal development via the proposed omnigenic model (Boyle et al., 2017) .
CONCLUSION
While many QTLs were identified as being associated with each trait in each breed, a large-effect QTL on BTA6 containing the NCAPG and LCORL genes was the only QTL associated with more than two traits and in more than one breed. This indicates that while the NCAPG and LCORL genes may affect multiple traits in multiple breeds, the majority of QTLs underlying the skeletal type traits are both trait-specific and breed-specific. This has implications on the perceived usefulness of acrossbreed genomic evaluations for the component traits as well as possibly for their correlated economically important traits (e.g., carcass merit, feed intake) based solely on purebreds. Many of the QTLs identified in the present study have previously been documented to be associated with a number of other performance traits in cattle, including carcass traits, feed intake and calving difficulty.
